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[Abstract] To introduce Medical Information Mart for Intensive Care (MIMIC) database and elaborate the
approach of critically emergent research with big data based on the feature of MIMIC and updated studies both domestic
and overseas, we put forward the feasibility and necessity of introducing medical big data to research in emergency. Then
we discuss the role of MIMIC database in emergency clinical study, as well as the principles and key notes of experimental
design and implementation under the medical big data circumstance. The implementation of MIMIC database in emergency
medical research provides a brand new field for the early diagnosis, risk warning and prognosis of critical illness,
however there are also limitations. To meet the era of big data, emergency medical database which is in accordance

with our national condition is needed, which will provide new energy to the development of emergency medicine.
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